MR T % 5 i
MICROELECTRONICS & COMPUTER

274% ETIW
2010 7 A

Vol.27 No.7
July 2010

ETHFREAULXFOENHNER] TRIE

BRAEMTBRER K ORE R R AR
(1 B FSHURE S HOREBE, BN St 5500255 2 SN ers THOR S A SSEH %, 5N St 550025
3 SEMBIIRIL, $EM B 550002)

W 45 B

B OE: AR ENEARBNEFEERRSGAER ALREH SR RA BT FHERERR AN K
XHAENHBEBER BETAALBSEAN T IR RE THONEBR N AEERZAES SREREH,
BHERABGEA N AT ERA REUKREER AT RERP TRABTANEEY HAEREHRR.
XEH: ETHTREE XFaEIRA TR

hES#ES: TP301; TPIS X EEERIRES: A X EHS: 1000 - 7180(2010)07 — 0218 — 04

Main Stream Temperature Forecasting Model Based on
QPSO and SVM in Power Plant

CHEN Qi-song', CHEN Xiao-wei', ZHANG Xin?, QI Lin®, WU Mao-nian'

(1 School of Computer Science and Technology, Guizhou University, Guiyang 550025, China;
2 Guizhou Key Laboratory for Photoelectric Technology and Application, Guiyang 550025, China;
- 3 Guizhou Training Center, China South Power Grid, Guiyang 550025, China)

Abstract: According to the low speed of constringency and high complexity of training methods in SVM large scales train-
ing, quantum — behaved particle swarm algorithm (QPSO) is presented to solve the problem. Parameters selection is an
important problem in the research area of support vector machines. Meanwhile, quantum — behaved particle swarm algo-
rithm is used to choose the parameters of least square support vector machines, which can avoid the man — made blindness
and enhance the efficiency and capability of forecasting. The experimental results indicate that this QPSO — SVM forecast-
ing model can be trained quickly and good generalization, is easy to be realized, can save the calculating cost and improve

the constringency speed.
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